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Inteligencia artificial




Alan Turing “padre” de la |A

Biometrika (1979), 66, 2, pp, 393-6
Printed in Great Britain

Studies in the History of Probability and Statistics. XXXVII
A. M. Turing’s statistical work in World War II

By I. J. GOOD
Department of Statistics, Virginia Polytechnic Institute & State University, Blacksburg
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El cerebro Bayesiano
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Primera conferencia en |A

A Proposal for the
Dartmouth Summer
Research Project on

Artificial Intelligence

August 31, 1955

John McCarthy, Marvin L. Minsky,
Nathaniel Rochester,
and Claude E. Shannon



Deep Blue vs Kasparov
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Question Knowledge Machine Unstructured
Answering Perfon'nance Representat;on Learning Information
Computing and Reasoning




Deteccion fatiga al volante

Camera in the rear-view
mirror tracks the driver’s eyes

Camer; t;ﬁ track blink rate

and eye alignment

If it detects ‘abnormal’ movement
the steering wheel vibrates and

Aswell as head position sounds an alarm

2 MaillOnline



Coches autonomos

A processor
reads the data

; and regulates
)\ vehicle behavior.

A laser sensor scans
360 degrees around the
vehicle for objects.

Radar measures
the speed of
vehicles ahead.

A wheel-hub sensor
detects the number
of rotations to help
determine the car’s
location.

An orientation sensor
tracks the car’s
motion and balance.

Source: Google Raoul Ranoa / @latimesgraphics
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Bioinformatics
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Brain Computer Interfaces
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Inteligencia Computacional. Técnicas
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Inteligencia Computacional. Finalidad

Inteligencia Computacional

N

Optimizacion

Supervisada

15



Visualizacion. Sport Analytics

Federer v Murray

Gold Medal Match, London Qlympics

Federer Murray

®  Winning shot position Winning shot position
—— Movement Movement




Visualizacion. Retail

Retailer Watch
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Visualizacion. Retail

3RD QUARTER

BEST STORE, INC

SUMMERY SALES SALES BY STATE TOP 5 PRODUCTS
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Visualizacion. Retail
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Optimizacion. El problema del viajante de comercio
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Optimizacion. Funcion objetivo

Global maxima

- Local maxima
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Optimizacion. Metaheuristicos

Metaheuristics

Nature-inspired

| _‘I_)ynamlc objective function
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Optimizacion. Retail

Planning, Pricing, Promotions and
Optimization in a Changing Market
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Optimizacion. Retail

—

Retail

Retail Location Planning

Developing retail roadmaps

for brands with big ambitions

Why Smart Location Experience Optimization

EN N e

L Less costs #1 Performance TBoost revenues

Increased network efficiency Smart location optimization Optimized experience
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Clustering. Espinas cerebrales
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Clustering. Métodos. K-means
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Clustering. Retail. Agrupamiento de los bienes

FEBRUARY 15, 2016
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Clustering. Retail. Segmentacion de clientes

Consumer segmentation model

Average Earnings

Risk Taking Fledglings Demanding Younger Families Benefits and Budgets
Hopeful Strivers: Thoughtful Older Families Confident Wealth
Planning Empty Nesters Loyal and Traditional Thriving Retirees

Customer segment based on birthdays
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Clasificacion Supervisada. El test del reloj en Alzheimery
Parkinson
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Clasificacion Supervisada. El test del reloj en Alzheimery
Parkinson

Circulo Aguja hora Aguja minutos C
1 2947.20 1648 9.67 Parkinson
2 | 3545.45 1942 5.33 Healthy
N 1684.50 480 6.00 Alzheimer

‘ ‘ Algorithm

Pregunta ﬁ ‘ | Prediccion

| Circulo Aguja hora Aguja minutos | C

|\|+1‘ 1619.28 1160 4.00 ‘ ? Healthy
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Clasificacion Supervisada. Regiones de decision

Iriz dataset

Sepal width

® [, zetosa

® [, virginica

® [, versicolor
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Sepal length
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Clasificacion Supervisada. Méetodos

K nearest neighbors
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Classification trees
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Support vector machines

Separation may be easier in higher dimensions

complex in low dimensions

feature
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map
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simple in higher dimensions
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Clasificacion Supervisada. Retail. Predicciones

Retail Predictions

and Resolutions MOBILE
TRENDS

1{o] 2016 .\ 2016

3 Predictions
Retall Marketers
Need to Know
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Clasificacion Supervisada. Retail. Vision por ordenador

>« ACTi RETAIL SOLUTION

Securs your store and maximize your revenue

Opened Cashiler Detection

Vaoid Transaction Waming

~ g A A
O o
B e

Discreet Monitoring Burglary Detection

Solution architectures Basic Solution anced Solution Complete Solution
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Clasificacion Supervisada. Retail. Concesion de crédito

Comyrightad Materal
OXFORD

THE CREDIT
SCORING TOOLKIT

Raymond Anderson |

Theory and Practice for Retail Credit Risk
Management and Decision Automation
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Clasificacion Supervisada. Retail. Prediccion bancarrota

Baﬁkruptcy

Financial : o =
Failure Prediction

health
of the

cnmmgguty
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Clasificacion Supervisada. Retail. Sistemas recomendacion

#MusicTech

Experimenting with Data Science and Recommender Systems
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Clasificacion Supervisada. Retail. Fidelizacion clientes

38



Clasificacion Supervisada. Retail. Turismo
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Clasificacion Supervisada. Retail. Inmobilarias

ML
Data - Method Intelhgence

+ house
features

—
nouse size
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Clasificacion Supervisada. Retail. Tejidos inteligentes

Muscle Effort




Clasificacion Supervisada. Retail. Vino
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Clasificacion Supervisada. Retail. Neuromarketing

Neuromarketing
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Retail y Big Data

THE DATA STORM
RETAIL AND

BIG DATA
REVOLUTION
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loT en Retail

INTERNET OF THINGS
@ EVE NTS ADD EVENT© EVENTLIST: HACKATHONS© 10T TECH NEWS o @ 0

The Internet of Retail Conference RECEIVE IOT EVENT UPDATES

iy

' 08 February 2016 08:30 - 09 February 2016 17:00 Email Address

(Save to cal) THE

¥ 016 Windsor, United Kingdom l NTE R N ET Name
OF RETAIL

in an already competitive environment.

This is the only conference featuring compelling case studies on the operational, revenue
and customer experience ben

opportunity.
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Retail y Big Data

Y . innovation
(&, Analytics, enterpris

'Big Data & Analytics

for Retall summit N

JUNE 16-17 2016 | CHICAGO
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Retail y Big Data

But today, top retailers are using

to gain a competitive advantage
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Retail y Big Data
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